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Method:

· Preprocessing 
· We scale the numerical data sets and conduct instance-wise normalization on the binary data sets as preprocessing. Gaussian filter is used to eliminate the low frequency noise in the MARTI data sets.
· Feature selection 
· We experiment with various SVM-based feature selection methods and have several interesting findings. Feature ranking via linear SVM models seems to be useful for these data sets. Checking AUC with/without removing each feature gives similar rankings. 

· During the development period, we experiment with various methods including feature ranking based on F-score, linear SVM weights, AUC/ACC change of removing a feature. After comparing the cross-validation AUC on training sets and the performance on toy examples, we use the feature ranking based on linear SVM weight in our final submission. We rank features according to the absolute value of weight corresponding to each feature. 

· The models for all versions of each task are the same since we tried to obtain a general and simple model for the problem.
· In addition to cross-validation on training sets and the performance of toy examples, the quartile information is used since only one method is in the first quartile for all datasets. 
· Discovering that nested subsets would results in better performance when the selected features are the same, we used nested subsets of features from the slist we submitted. The reason might be that the feature rank we give in slist is good enough. 
· We did not use any knowledge derived from the test set to make the submissions.
· Classification 
· We use L2-loss linear SVM to train the classifier.
· Model selection/hyperparameter selection
· Grid search is used to select the parameter of the SVM classifier. 
Results: The reader should also know from reading the fact sheet what the strength of the method is. To that end, we will provide a comparison table in the following format:

Table 1: Result table. The two stars next to the feature number indicate that the submission included a sorted list of features and multiple results for nested subsets of features. Top Ts refers to the best score among all valid last entries made by participants. Max Ts refers to the best score reachable, as estimated by reference entries using the knowledge of true causal relationships not available to participants.

	Dataset
	Entry
	Method
	Fnum
	Fscore
	Tscore (Ts)
	Top Ts
	 Max Ts
	<Tscore>
	Rank

	REGED0
	1452
	final submission
	16/999 **
	0.8526
	0.9998±0.0009
	0.9998
	1
	 
	 

	REGED1
	1452
	final submission
	16/999 **
	0.8566
	0.9556±0.0040
	0.9888
	0.998
	0.9316
	1

	REGED2
	1452
	final submission
	8/999 **
	0.997
	0.8392±0.0052
	0.86
	0.9534
	 
	 

	SIDO0
	1452
	final submission
	1024/4932 **
	0.6516
	0.9432±0.0074
	0.9443
	0.9467
	 
	 

	SIDO1
	1452
	final submission
	4096/4932 **
	0.5685
	0.7523±0.0137
	0.7532
	0.7893
	0.773
	2

	SIDO2
	1452
	final submission
	2048/4932 **
	0.5685
	0.6235±0.0129
	0.6684
	0.7674
	 
	 

	CINA0
	1452
	final submission
	64/132 **
	0.6
	0.9715±0.0032
	0.9765
	0.9788
	 
	 

	CINA1
	1452
	final submission
	64/132 **
	0.7053
	0.8446±0.0047
	0.8691
	0.8977
	0.8773
	1

	CINA2
	1452
	final submission
	4/132 **
	0.7053
	0.8157±0.0052
	0.8157
	0.891
	 
	 

	MARTI0
	1452
	final submission
	256/1024 **
	0.8073
	0.9914±0.0025
	0.9996
	0.9996
	 
	 

	MARTI1
	1452
	final submission
	256/1024 **
	0.7279
	0.9209±0.0045
	0.947
	0.9542
	0.891
	3

	MARTI2
	1452
	final submission
	2/1024 **
	0.9897
	0.7606±0.0062
	0.7975
	0.8273
	 
	 


Comment about the following:

· quantitative advantages: simplicity
· qualitative advantages: SVM feature selection method comparison.

Our implementation consists of python and matlab codes, and the LIBLINEAR software is used to train and predict. 

Keywords: 
· Preprocessing or feature construction: scaling.

· Feature selection: filter, feature ranking.

· Classifier: SVM.
· Hyper-parameter selection: grid-search.

